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_ ntroduction m - m i - D. Subspace Selection for Classification
| | | A. Gaussian Toy Data Exhaustive search the optimal cross-validation
Two limitations of Linear Discriminant Analysis (LDA) Learn a ranking function under the constraint of the accuracy across all possible projected class orders.
order of projected class centroid.
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Figure 1. There are three classes (named 1, 2, and 3) of samples, which can be formulated as a linear program as follows | = Yy S S centroids could achieve state-of-the-art performance on
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